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Abstract
Humans closely coordinate the grip force exerted on a hand-held object with changes in the load arising from the object’s 
dynamics. Recent work suggests the grip force is responsive to the predictability of the load forces as well. The well-known 
grip-force–load-force coupling is intermittent when the load arising from volitional movements fluctuates predictably, 
whereas grip force increases when loads are unpredictable. Here, we studied the influence of expected but uncertain volitional 
movements on the digit forces during a static grasp. Young, healthy participants used a pinch grasp to hold an instrumented 
object and track visual targets by moving the object. We quantified the mean grip force, the temporal decline in grip force 
(slacking), and the coupling between the pressing digit forces that yield the grip force during static prehension with no 
expectation of movement, and during the static phase of a choice reaction time task, when the participant expected to move 
the object after a variable duration. Simply expecting to move the object led to sustained (for at least 5 s) higher magnitude 
and lower slacking in the grip force, and weaker coupling between the pressing digit forces. These effects were modulated 
by the direction of the expected movement and the object’s mass. The changes helped to maintain the safety margin for the 
current grasp and likely facilitated the transition from static to dynamic object manipulation. Influence of expected actions 
on the current grasp may have implications for manual dexterity and its well-known loss with age.
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Introduction

The study of fingertip forces during object manipulation 
is a classic paradigm for understanding human motor con-
trol processes. While manipulating objects, grip forces are 
tightly coupled to the loads that the manipulation generates 
(Johansson and Westling 1984; Flanagan and Wing 1993, 
1995; Flanagan and Tresilian 1994). This occurs despite 
significant sensorimotor transmission delays in the motor 
system (Johansson and Westling 1988a, 1988b), indicat-
ing that there is a feedforward component to the control of 
object manipulation that accounts for the anticipated loads. 
This key observation has catalyzed the development of 
several accounts of feedforward control of motor actions, 

e.g., efference-copy-driven forward models of force control 
(Wolpert and Flanagan 2001; Nowak et al. 2013), control 
with referent coordinates (Pilon et al. 2007; Ambike et al. 
2015b), and anticipatory synchronization (Grover et al. 
2021).

Our knowledge of predictive grip-force control, however, 
continues to evolve. According to recent reports, the grip 
force is not as tightly coupled to the load force magnitude as 
previously thought. Rather, grip-force predictions incorpo-
rate uncertainty in ongoing object manipulation. Grover and 
colleagues report that while moving a grasped object to track 
visual targets, the grip–load force coupling is not continu-
ous, but intermittent when the expected changes in the load 
are regular and predictable (Grover et al. 2019, 2020). Fur-
thermore, when the actor must contend with loads exerted 
by the environment, the grip force is more responsive to the 
uncertainty in loads than their expected value (Hadjiosif and 
Smith 2015).

Here, we explored another novel aspect of grip-force 
control in situations that involve movement uncertainty. In 
previous studies, the nature of prehensile tasks was typically 
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predefined (e.g., grasp and lift, perturb the grasped object 
by the other hand, oscillate the object, etc.) (Johansson and 
Westling 1984; Flanagan and Wing 1993; Danion 2004; 
Shim et  al. 2006; Hermsdorfer and Blankenfeld 2008; 
Johansson and Flanagan 2009; Fu et  al. 2010; Jo et  al. 
2015; Grover et al. 2018; Kuling et al. 2019). Less studied, 
however, is how control of digit forces is influenced due to 
uncertainty in the transition from one object manipulation 
pattern to another. In isometric finger pressing tasks, when 
participants changed their total finger force at a self-selected 
time, preparation in the form of altered covariation in the 
finger forces is evident 300 ms before the total force changed 
(the so-called anticipatory synergy adjustments, cf. Olafs-
dottir et al. 2005). However, preparation is evident much 
earlier (about 2 s before total force changed) when the tim-
ing of the change is unknown (Tillman and Ambike 2018a), 
indicating that preparation is influenced by uncertainty. We 
investigated if similar uncertainty effects are evident in digit 
forces prior to changes in patterns of object manipulation.

Specifically, we quantified changes in digit forces exerted 
on an object that was stabilized in one configuration, due 
to expected but uncertain voluntary movement in the near 
future. It is well known that the grip force on a static hand-
held object increases about 50 ms before the object is moved 
upward in anticipation of the increased load arising from 
the object’s movement (Flanagan and Tresilian 1994). Our 
primary goal here was to determine whether uncertainty in 
the upcoming transition from static grasp to object move-
ment leads to earlier and prolonged increase in grip-force 
magnitude and weaker coordination between the thumb and 
index finger pressing forces. Influence of uncertainty on the 
characteristics of the current grasp may have implications 
for manual dexterity and its well-known loss with age and 
pathology (Cole and Rotella 2001, 2002; Cole et al. 2010; 
Santisteban et al. 2016).

Our secondary goal was to explore whether any antici-
patory changes in grip characteristics are associated with 
functional gains in the execution of the subsequent object 
movement (quantified using throughput, as explained 
below). It has long been argued that features of the ongo-
ing movement should change, typically stability should be 
lowered, when the actor anticipates quick changes in move-
ment (Riley and Turvey 2002; Hasan 2005). This so-called 
stability–dexterity tradeoff has been studied in animal loco-
motion (Dickinson et al. 2000). In human behaviors, the sta-
bility reduction aspect of the tradeoff has received attention 
(Olafsdottir et al. 2005; Degani et al. 2007; Krishnan et al. 
2011, 2012; Tillman and Ambike 2018a; Cui et al. 2020), 
but few studies quantify the subsequent impact on dexterity 
(Huang and Ahmed 2011; Togo and Imamizu 2016; Till-
man and Ambike 2018b). Rapidly transitioning between pat-
terns of object manipulation is a key component of manual 

dexterity (Santisteban et al. 2016). Therefore, identifying 
mechanisms that facilitate manual dexterity is an important 
open problem.

In the present study, participants held an object in a preci-
sion grip. In different trials, they held the object stationary 
either while expecting no voluntary movement (steady task), 
or while expecting to quickly move the object in different 
directions in response to a visual cue (choice reaction time 
(CRT) task). In different CRT tasks, the participant expected 
to move the object in the anterior or posterior direction, or 
in the inferior or superior direction. We characterized forces 
during the steady task, and during the stationary epoch 
before the object’s movement in the CRT task (known as the 
fore period). During the fore period, the state of the object 
is the same as that during the steady task, but the expected 
future movements are different in the two tasks. During the 
fore period, object movement is expected but its direction 
and timing are uncertain, and furthermore, different changes 
in the digit forces are required for movement in each direc-
tion. The forces must change from being equal during static 
grasp to being unequal for anterior–posterior movement; 
but which digit force should be larger will depend on the 
direction. During vertical motion, the digit forces increase 
equally, per the grip–load force coupling. However, the time 
course of the force increase depends on direction: the forces 
increase before upward movement commences, but after 
downward movement commences (Flanagan and Tresilian 
1994).

During the steady task and during the fore period, we 
computed the mean grip force and the slope of the best 
liner fit to the grip-force–time data to quantify the tempo-
ral changes in the grip force within a 5-s analysis windows 
in both tasks (see Methods). Although a relatively constant 
grip force is maintained during static prehension (Johans-
son and Westling 1987, 1988b), there is also scattered evi-
dence that grip force sometimes declines while holding a 
static pinch grasp for several seconds (Cole and Beck 1994; 
Burstedt et al. 1997); cf. Figure 5 in (Johansson 1991)). 
We investigated if such downward grip-force drift existed 
(termed grip-force slacking cf. (Smith et al. 2018)), and if 
it was influenced by anticipated actions. Finally, in contrast 
to previous work that quantified the coordination between 
grip and load forces, we quantified the stability of the cou-
pling between the pressing forces exerted by the index finger 
and the thumb that yield the grip force. We focused on the 
between-digit coupling, because our main interest is to iden-
tify force changes in preparation to and prior to the change 
in load, similar to the studies on isometric finger pressing 
tasks mentioned earlier (Olafsdottir et al. 2005; Tillman 
and Ambike 2018a). We did not analyze the grip–load force 
coupling, because the object was static with almost invari-
ant load force when we analyzed the forces. In contrast, we 
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expected the grip force to slack; therefore, interpreting any 
grip–load coupling could be problematic.

To address our primary goal, we hypothesized that the 
grip force would be higher in the fore period of the CRT task 
compared to the steady task, since the grip force is known to 
increase with movement uncertainty (Hadjiosif and Smith 
2015; Grover et al. 2019). We also hypothesized that there 
would be downward slacking in the grip force over time; 
however, slacking would be smaller during the fore period, 
so that the mean grip force remains elevated for the CRT 
task compared to the steady task. Finally, we hypothesized 
that the between-digit coupling will be less stable during the 
fore period; the weaker coupling will facilitate the transition 
from a between-digit coordination pattern suited for static 
prehension to another pattern suited for object movement 
(see below), consistent with the stability–dexterity tradeoff. 
This expectation is also supported by the evidence of weaker 
coupling between the opposing digits in a prismatic grasp 
prior to a transition between two dynamic movements (Naik 
and Ambike 2020), and the finding that several features of 
grip control generalize across grip types (Flanagan and Tre-
silian 1994).

The direction of the expected movement will modulate 
the influence of the task type on the grip characteristics. 
Here, our predictions for the mean and the slacking of the 
grip force arose from our prediction for the between-digit 
coupling. For CRT tasks, we hypothesized that the mean 
will be higher, and the slack in grip force will be lower while 
expecting horizontal compared to vertical movement. We 
also hypothesized that the between-digit force coupling will 
be less stable while expecting horizontal compared to verti-
cal movement, and the hypothesized grip-force character-
istics will help offset any inadvertent decline in grip force 
due to the weaker coupling. The weaker coupling represents 
greater preparation for transitioning to horizontal movement. 
This greater preparation may be essential, since transitioning 
from static prehension to horizontal movement requires a 
larger change in the force pattern compared to the transition 
to vertical movement. During static prehension, the oppos-
ing forces of the thumb and the index finger must be equal 
and in phase to maintain the object stationary. During verti-
cal movement, the forces remain equal and in phase, but the 
magnitudes change according to the imposed or expected 
loads. In contrast, during horizontal movement, the forces 
are unequal and out of phase (Gao et al. 2005). Thus, only 
the transition to horizontal movement requires a change from 
an in-phase to out-of-phase force coordination pattern.

Finally, we explored the effect of object mass on the grip-
force characteristics. It is well-known that heavier objects 
are grasped using higher grip force, and the overall grip-
to-load ratio is proportional to the slip ratio during static 
grasps (i.e., the minimum grip–load ratio essential to prevent 
object slip; load = object weight for static grasps; (Westling 

and Johansson 1984)). This means that the difference in the 
exerted grip force and the minimum grip force required to 
prevent slip is larger for heavier objects, and there is greater 
opportunity for the grip force to slack while grasping heavier 
objects. Therefore, we hypothesized that the grip-force slack 
will be higher for a heavier object. Similar slacking occurs 
when visual feedback on the isometric pressing forces pro-
duced by fingers is removed; the slacking is higher for higher 
initial forces (Vaillancourt and Russell 2002). We did not 
have a prediction for the effect of mass on between-digit 
force coordination, and quantifying this effect is our first 
exploratory goal.

To address our second exploratory goal—the stabil-
ity–dexterity tradeoff—we explored whether the change in 
the stability of the between-digit coupling in the CRT rela-
tive to the steady tasks was related to the performance of 
the rapid movements in the CRT tasks. We quantified per-
formance of the movements in the CRT tasks by computing 
throughput—a composite measure of speed and accuracy 
(see Methods). A higher value of throughput indicates bet-
ter performance. A correlation between reduced coupling 
between the digit forces and increased throughput would 
support the stability–dexterity tradeoff in prehension.

Methods

Participants

Sixteen healthy, young individuals [6 females; 
age = 23.8 ± 4.5  years; weight = 74.3 ± 16.8  kg; 
height = 173.2 ± 8.2  cm; hand length measured from 
hand base to the tip of middle finger = 18.9 ± 0.9  cm; 
hand breadth measured across distal ends of metacarpal 
bones = 8.6 ± 0.7 cm (mean ± standard deviation)] volun-
teered to participate in the study. All participants were right-
hand dominant by self-report, and no participant had any his-
tory of neurological disease or musculoskeletal disorder or 
injury in the upper arm. All participants provided informed 
consent in accordance with the procedures approved by the 
institutional review board of Purdue University.

Equipment

Participants grasped an instrumented object in a pinch grasp 
with their right hand (Fig. 1A). Two six-component force 
transducers (Nano 17-E, ATI Industrial Automation, Garner, 
NC) mounted on the object measured the forces produced by 
both digits along the three coordinate axes. Sandpaper (100C 
medium grit) was glued to the surface of both transducers 
to increase the coefficient of friction between the transducer 
and the digits. At the start of each experimental session, 
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the force transducers were zeroed with the object resting 
vertically on the table, and no digits contacting the sensor 
surfaces. The distance between the ends of force transducers 
was 65 mm.

To record the position of the object, we attached four 
reflective markers to the object (Fig. 1A) and used a four-
camera motion capture system (Vicon Vero VE22-S, Oxford, 
UK) to track their positions. The motion capture system was 
calibrated for each participant and the tracking error was less 
than 1 mm inside the capture volume.

We used the MotionMonitor software (Innovative Sports 
Training Inc.) to synchronize and collect output signals from 
the force transducers (sampled at 1000 Hz) and the motion 
capture system (sampled at 200 Hz).

Experimental setup

Before the start of the experimental session, participants 
cleaned the digit tips of their right-hand using alcohol wipes 
to normalize the skin condition. Then, they sat upright on 
a piano bench facing a computer screen placed on a table 
(Fig. 1B). A reference point was marked on the table as 
the origin for the world co-ordinate system (Positive X axis 
along the lateral direction, positive Y axis along the anterior 

direction, and positive Z axis pointing vertically upward). 
The computer screen displayed a rectangular target and an 
‘X’-shaped cursor that identified the current position of the 
object (Fig. 1C). The centroid of the four markers defined 
the position of the object. The target and the cursor were 
restricted to move vertically on the screen.

Experimental procedure

All participants performed target tracking tasks, in which 
they had to place the cursor into the target by moving the 
object. At the beginning of each trial, the participant grasped 
the object by placing their right-hand thumb and index fin-
gertip on the transducers, lifted the object off the table in 
the vertical direction, and held it vertical and stationary at 
a comfortable height above the reference point (Fig. 1B). 
Data collection began after the experimenter verified that the 
object’s initial position was above the reference point. Each 
trial began when the initial target and a cursor indicating 
the object’s current position appeared on the screen. Par-
ticipants were instructed to move the object quickly either in 
the anterior–posterior or in the vertical direction to place the 
cursor into the target and hold the object stationary in that 
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Fig. 1   Panel A shows an illustration of the instrumented object with 
force sensors for recording digit forces. A motion capture system 
tracked the positions of four reflective markers fixed to the object. 
Panel B shows the experimental setup. Participant sat in front of a 
computer screen, grasped the object in a pinch grasp, and tracked vis-
ual targets by moving the object. Panel C shows the visual feedback. 

Target represented by a square, and object position represented by 
‘X’-shaped cursor. Target stayed in one position for the steady task, 
and it jumped up or down for the choice reaction time (CRT) task. 
The target and cursor moved vertically for both vertical and horizon-
tal object movements. The number of upward and downward jumps 
of the target were equal and randomized within each task block
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location. Participants were required to stabilize the cursor 
inside the target within 2 s after the feedback first appeared 
on the screen. At the end of each trial, participants replaced 
the handle on the reference point and released the grasp.

There were eight blocked experimental conditions (2 task 
types × 2 directions × 2 masses), with repeated trials in each 
experimental block. Conditions were blocked by mass and 
the order was balanced across participants. Within each mass 
block, the order of the task type and direction blocks were 
balanced across participants. There were two types of tasks: 
steady and choice reaction time (CRT) task. In the steady 
task, the target remained at the center of the screen, and 
participants were required to maintain the cursor inside the 
target (Fig. 1C). In contrast, in each trial of the CRT task, 
the target jumped once either up or down, after staying at 
the center of the screen for a random fore period (Fig. 1C). 
Participants were instructed to track the target by moving the 
object as quickly and as accurately as possible. The target 
jumped the same distance in either direction for all partici-
pants. However, the object movement required to match the 
target jump was standardized to 25% of the participant’s arm 
length. Arm length was the distance from the acromion to 
the tip of the middle finger, measured when the participant 
held their right arm horizontal in front of them with the 
elbow fully extended.

Participants performed tracking tasks by moving the 
object along two directions (horizontal and vertical) and 
using objects of two masses (160 g—heavy, and 110 g—
light). The feedback on the current position of the object 
was manipulated across directions. For the horizontal move-
ments, moving the object in the anterior or posterior direc-
tions controlled the up or down movement of the cursor, 
respectively. For the vertical movements, moving the object 
up or down controlled the up or down movement of the cur-
sor, respectively. Thus, for the CRT tasks, although the tar-
get always jumped vertically from the same initial position 
on the screen, the tracking was accomplished by moving 
the cursor vertically by either anterior–posterior or infe-
rior–superior movement of the object in different direction 
conditions. The mass of the object was altered by adding or 
removing a 50 g mass at the bottom of the object (Fig. 1A).

In each condition involving the steady task (in two direc-
tions and with two masses) participants performed 20 tri-
als, each lasting 12 s. Similarly, in each condition involving 
the CRT task, there were 20 12-s trials in which the tar-
get remained stationary in the initial position for anywhere 
between 9 and 11 s, then jumped vertically, remained in the 
new position for 1 s, and then vanished for the remainder 
of the trial. We limited the visibility of the jumped target 
to elicit rapid responses from the participants. Finally, to 
minimize the likelihood of participants accurately predicting 
the time of target jump, we included 20 sham trials of shorter 
durations. These trials were 5–9 s long, with fore periods of 

4 s to 8 s. Thus, in each condition involving the CRT task 
there were 40 trials, the number of trials with target jump 
upward and downward were equal, and all trials were rand-
omized. However, only the 20 trials lasting 12 s were used 
for further analyses.

At the start of each condition, participants were informed 
about the task type (steady or CRT task), direction (whether 
to move the object horizontally or vertically), and object 
mass (heavy or light). Before the start of each block of tri-
als, participants were given six to eight practice trials. We 
ensured that the participants were acquainted with the rela-
tion between the direction of object movement and the direc-
tion of the feedback (especially for the anterior–posterior 
movements, since the feedback was rotated by 90o relative 
to the object motion). None of the participants reported dif-
ficulty understanding the rotated feedback.

Participants rested for 15 s between trials, and for 60 s 
between conditions. Additional rest periods were provided 
if participants felt fatigue in their arm or digits. Furthermore, 
they were encouraged to ask for additional rest whenever 
required. None of the participants requested additional rest, 
and none of the participants reported fatigue during the 
protocol.

Data analysis

We wrote MATLAB programs for data analyses (R2020b, 
The MathWorks Inc). We analyzed the data from the 20 
trials for the steady tasks (4 conditions: 2 directions × 2 
masses) and 20 trials for the CRT tasks (4 conditions: 2 
directions × 2 masses). All finger force and kinematic data 
were low-pass filtered at a cutoff frequency of 10 Hz using 
a fourth-order, zero-lag Butterworth filter. We then isolated 
the data in an analysis window from the 4th second to the 9th 
second after the start of each trial (Fig. 2). This analysis win-
dow ensures that the dynamics associated with moving the 
object into the initial target location have died out and pro-
vides sufficient data to obtain reasonable estimates of digit 
force coupling measures (Marwan et al. 2002). Note that the 
participant always held the object stationary and in the same 
location during this period. However, they expected no fur-
ther object movement in the steady conditions but expected 
to move the object in the CRT conditions during this period. 
Therefore, any differences in the outcome measures obtained 
from this data can be attributed to difference in the expecta-
tion of movement across the two task types.

Out of total 2560 trials performed by all participants, in 
76 trials (3% of all trials), the participant did not stabilize 
the object in the initial position, and the cursor moved out-
side the stationary target while within the analysis window. 
Hence, we excluded these trials from further analyses. From 
the remaining trials, the minimum number of trials available 
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for all eight conditions across all participants was 15. Hence, 
we randomly selected 15 trials for each condition and par-
ticipant from the available good trials for further analyses 
(n = 1920 trials).

Basic performance measures

To determine whether the participants stabilized the object 
within the initial target within 2 s of feedback presenta-
tion, we computed the duration between the instant when 
the feedback appeared on the screen and the instant when 
the object movement velocity along the feedback direction 
dropped below 2% of the peak velocity of the initial move-
ment. To characterize task performance within the analysis 
window, we quantified the object’s kinematics by computing 
the mean and variance of the object tilt about the vertical, 
and the variance in object displacement along the direction 
of feedback. We computed the mean ± standard deviation for 
each measure across all 1920 trials.

Grip‑force characteristics

We computed grip force as the sum of the magnitude of the 
thumb and the index finger normal forces. Then, we com-
puted the mean grip force and the slope of the best linear fit 
in the least-squared sense to the grip force–time data within 
the analysis window.

Analysis of stability of coupling between thumb 
and index finger normal forces (cross‑recurrence 
quantification analysis)

Conventionally, the coupling between digit forces dur-
ing object manipulations have been inspected using linear 
cross-correlational and power spectral analyses on force 
trajectories that are averaged across multiple repetitions 
(Flanagan et al. 1993; Blank et al. 2001; Danion 2004; 
Danion et al. 2007). Although effective in capturing gross 
features of grip–load coupling, these methods fail to iden-
tify temporal variations in the grip–load coupling (Grover 
et al. 2018, 2019) as well as in the normal forces exerted by 
the thumb and all four opposing fingers (Naik and Ambike 
2020). Therefore, we used a non-linear time-series analysis 
technique called cross-recurrence quantification analysis 
(CRQA) to quantify the stability of the coupling between 
the normal pressing forces applied by the thumb and the 
index finger during the analysis window.

CRQA quantifies how two processes unfold together and 
interact over time by computing how often their time series 
come close to each other in a common reconstructed phase 
space (Webber and Zbilut 1994). This technique proceeds 
in three steps. First, a common phase space for both time 
series is constructed using time-delayed versions of both 
series (Marwan et al. 2007). Second, instances when the 
phase-space trajectories of the two time series are within 
a pre-defined distance (known as radius) from each other 
are identified. These instances, called recurrence points, are 
used to create a cross recurrence plot. Third, the patterns in 
the cross recurrence plots are characterized by computing 
the appropriate outcome measure(s) as explained below.

Fig. 2   Representative time 
series for the pressing forces 
of the thumb (black solid line) 
and index finger (dashed red 
line) for the steady task in panel 
(A) and for the choice reaction 
time task in panel (B). The data 
in the shaded analysis window 
was used for analysis. The 
normal forces of the thumb and 
the index finger show a small 
mismatch because the sensor 
cables exert a small force on 
the object. This difference does 
not influence our key results 
because it is small, it is consist-
ent across all conditions, and 
it is irrelevant for the temporal 
structure between the two force 
time series
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To construct the phase space and the cross recurrence 
plot for the digit forces, we used the maximum (L∞) norm 
(Marwan et al. 2007), and identified three input parameters 
required for this technique—the embedding dimension 
(Abarbanel et al. 1993), time delay (Hasson et al. 2008), and 
radius (Zbilut et al. 2002). We used an embedding dimension 
equal to 6, a time delay equal to 16 samples, and a radius 
equal to 0.2, for every trial.

We consistently observed vertical line structures in the 
cross recurrence plots (see Fig. 3 for a representative plot). 
Presence of vertical structures suggest that the state of one 
process does not change or changes slowly relative to the 
other, i.e., one time series gets trapped at a location, while 
the other varies about that location (Marwan and Webber 
2015). This implies the coupling between the two processes 
is intermittent (Marwan et al. 2002; Grover et al. 2018), and 
the degree of intermittency can be used to quantify the sta-
bility of the coupling. In particular, the stability of the cou-
pling is inversely proportional to the length of the vertical 

lines. To quantify the occurrence of vertical lines we used 
trapping time, which is equal to the average vertical line 
length, and reflects the average amount of time one time 
series is trapped relative to the other (Marwan et al. 2002). 
We computed other vertical line measures (laminarity and 
maximum vertical line length). However, they yielded the 
same results as trapping time, and hence, we excluded them 
from this manuscript for brevity.

Finally, we computed relative stability of coupling 
between the thumb and the index finger normal force pair, 
as the difference between trapping time for the steady and 
the CRT tasks for a given object mass and movement direc-
tion. A negative value of this measure means the stability of 
coupling reduced for the CRT task relative to the steady task.

Dexterity analysis

We computed throughput as the measure of dexterity. Since 
we instructed participants to perform the tracking task as 
quickly and as accurately as possible, different participants 
may prioritize either speed or accuracy. Therefore, through-
put is an appropriate measure to quantify dexterity; it is a 
composite of both speed and accuracy, and it bears no preju-
dice towards either (MacKenzie 2015).

Throughput is computed as

where IDe is the effective index of difficulty. MT is the mean 
of movement time, Ae is the mean of movement amplitude, 
and SD is the standard deviation of the final position of 
the object, all computed across trials (MacKenzie 2015). 
Throughput was computed in bits/s, with a higher value 
indicating better performance. We computed movement 
amplitude as the difference between the object’s final posi-
tion at the end of the movement and its initial position at 
the time of target jump. We computed MT as the duration 
from the object’s movement initiation to termination. We 
identified movement initiation as the first instant when the 
object’s velocity increased above 2% of its peak velocity, and 
movement termination as the first instant when the veloc-
ity dropped below 2% of peak velocity after reaching peak 
velocity. Out of total 960 CRT trials across all participants, 
7 trials (0.7%) were rejected and not used while computing 
throughput, because the movement began 500 ms or more 
after the target jumped.

Statistics

The data are presented as mean ± standard errors (SE) in 
the Results section, unless mentioned otherwise. To meet 
normality and constant variance requirements, we log 
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Fig. 3   Panel A shows a representative cross recurrence plot for the 
thumb and index finger pressing forces. Panel B shows the normal-
ized time series of the two forces that are used to obtain the cross 
recurrence plot in A 
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transformed the trapping time. However, non-transformed 
data are presented in the Results. We fit a linear mixed-
effects (LME) model (Pinheiro and Bates 2000) to the mean 
grip force, the slope of the grip force–time relation (slack-
ing) and the (log-transformed) trapping time. We included 
the three experimental factors, and their two- and three-
way interactions as fixed effects, participants as a random 
effect, and all trials within a condition as repeated meas-
ures. Although the LME model has been used in the motor 
control literature (Taylor Tavares et al. 2005; Holtzer et al. 
2012; Codol et al. 2020), it seems to be relatively new to 
the field. In contrast to the traditional repeated measures 
(rm)ANOVA, the LME model considers both fixed and ran-
dom effects and does not assume that the observed data are 
uncorrelated; hence the sphericity assumption—required in 
rmANOVA—is not essential in LME models.

We used Tukey–Kramer tests to perform post-hoc pair-
wise comparisons when significant main or interaction 
effects were observed. We calculated effect sizes by comput-
ing Cohen’s d. To study the stability–dexterity tradeoff, we 
performed linear regressions between throughput and rela-
tive trapping time. All statistics were performed using the 
SAS statistical software (version 9.4; SAS Institute, Cary, 
NC), with an α-level of 0.05.

Results

Basic performance measures

We report the object stabilization time and object kine-
matics during the analysis window (when the object was 
held stationary), computed across all trials (n = 1920). The 
mean ± standard deviation of the stabilization time was 

0.9 ± 0.3 s, the mean object tilt was 4.8o ± 2.9°, the object 
tilt variance was 0.1 ± 0.1 (o)2, and the variance in object dis-
placement along the feedback direction was 0.2 ± 0.2 mm2. 
Overall, participants performed the tasks as instructed: the 
object stabilization time was less than 2 s and the object was 
held vertical (with minimal tilt) and stationary (with low 
variability in position and orientation).

Grip‑force characteristics

We found a significant task type x direction x mass inter-
action (F(1,15) = 10.3; p < 0.01) for the mean grip force 
(Fig. 4A). Post hoc analyses revealed that for the light object, 
the grip force increased for the CRT task (4.0 ± 0.3 N) rela-
tive to the steady task (3.6 ± 0.2 N) when movement was 
expected in the horizontal direction (Cohen’s d = 0.4). Simi-
larly, the grip force increased for the CRT task (4.2 ± 0.3 N) 
relative to the steady task (3.7 ± 0.2 N) when movement was 
expected in the vertical direction (Cohen’s d = 0.5). The grip 
force was higher for the heavy object compared to the light 
object, and in contrast to the light object, the grip force 
increased for the CRT task (5.4 ± 0.3 N) compared to the 
steady task (4.6 ± 0.2 N) only when movement in the hori-
zontal direction was expected (Cohen’s d = 0.9).

The slope of the grip-force time linear fit was significant 
for 98% of all trials. The median and the inter-quartile range 
of the R2 values for the fits across all trials was 0.4 and 
0.5, respectively. All 15 trials within a block showed sig-
nificant slopes for 106 out of the 112 blocks (8 blocks × 16 
participants), and all blocks showed at least 12 trials with 
significant slope. The slope was not always negative, how-
ever. For 8 out of the 16 participants, at least 60% of the 
trials across all blocks had negative slope, and the slope 
was negative for 63% of all trials. Finally, the linear mixed-
effects model for the slopes revealed main effects of task 
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type (F(1,15) = 7.57; p = 0.01; Cohen’s d = 0.1) and mass 
(F(1,15) = 9.22; p < 0.01; Cohen’s d = 0.1; Fig. 4B). Post hoc 
analyses showed that the slope was more negative (indicat-
ing greater slack) for the steady task (− 0.02 ± 0.01 N/s) 
compared to the CRT task (− 0.01 ± 0.01  N/s), and for 
the heavy object (− 0.02 ± 0.01  N/s) compared to the 
light object (− 0.01 ± 0.01 N/s). The slopes for horizon-
tal and vertical directions were not significantly different 
(− 0.01 ± 0.01 N/s).

Stability of coupling between thumb and index 
finger normal forces (cross‑recurrence 
quantification analysis)

We found main effects of task type (F(1,15) = 6.23; p = 0.02; 
Cohen’s d = 0.1), direction (F(1,15) = 9.44; p = 0.01; Cohen’s 
d = 0.1), and mass (F(1,15) = 20.6; p < 0.01; Cohen’s d = 0.2) 
on trapping time. Post hoc analyses revealed that trapping 
time was higher for the CRT task (32.7 ± 4.7 ms) compared 
to the steady task (30.7 ± 4.8 ms), while expecting move-
ment in the horizontal direction (34.0 ± 5.1 ms) than in the 
vertical direction (29.4 ± 4.3 ms), and for the heavy object 
(32.1 ± 3.5 ms) compared to the light object (31.3 ± 5.7 ms), 
as shown in Fig. 5.

There were statistical outliers in our outcome measures 
(Figs. 4 and 5). However, there were no scientific reasons 
to exclude these datapoints. Note that we already excluded 
trials, where participants did not follow the instructions (see 
Methods). Moreover, the statistical results with and without 
the outliers yielded similar overall results and did not change 
our interpretations.

Stability–dexterity tradeoff

We found no significant regression (p > 0.05 for the slope 
of the regression) between throughput and relative trapping 
time for any condition. Statistical results from the linear 
regression analysis between throughput and relative trap-
ping time are summarized in Table 1.

Discussion

The primary objective of our study was to investigate the 
effect of expected voluntary movement of a hand-held 
object on the digit forces involved in grasping the object. 
We observed that the expectation of upcoming move-
ment influenced force characteristics of the current, static 
grasp, although not all specific hypotheses were supported. 

Fig. 5   Trapping time obtained 
from the cross recurrence plots 
for the thumb and the index 
finger pressing forces with 
individual data points for each 
trial for all participants. Higher 
value indicates weaker coupling 
between the forces. ‘*’ indicates 
significant differences (p < 0.05)
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Table 1   Statistical results 
for linear regression between 
throughput and relative trapping 
time

Mass and direction condition Slope (mean ± SE) Goodness of fit 
(R2)

t(1,14) (p value for slope)

Heavy and horizontal 0.01 ± 0.01 0.02 0.51 (0.63)
Heavy and vertical 0.00 ± 0.01 0.00 0.09 (0.93)
Light and horizontal 0.00 ± 0.01 0.04  − 0.76 (0.46)
Light and vertical  − 0.01 ± 0.01 0.00 0.27 (0.79)
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Compared to the steady task, the mean grip force was 
higher while expecting object movement in all mass and 
direction conditions except while expecting vertical motion 
with the heavy object. In partial support of our hypothesis, 
we observed less slacking in grip force during the CRT 
compared to the steady task, and less slacking for the light 
compared to the heavy object. The direction of the expected 
movement in the CRT task did not influence slacking. Next, 
consistent with our hypotheses, the between-digit force cou-
pling was weaker for the CRT compared to the steady task, 
and when horizontal compared to vertical movement was 
expected. Finally, the between-digit coupling was weaker 
while grasping the heavier object (exploratory goal).

With respect to the secondary goal of this paper, we 
observed no evidence to support the stability–dexterity 
tradeoff in our prehensile movements. Although the stabil-
ity of the between-digit coupling was lower during the fore 
period of the CRT task, this decline was not associated with 
improved throughput of the subsequent object movement. 
We discuss these findings below.

Anticipatory control of digit forces

The increase in grip force during static grasp—when the 
load is invariant—is in stark contrast with the well-known 
coupled changes in grip and movement and/or environ-
ment induced loads (cf. Westling and Johansson 1984; Fla-
nagan et al. 1993; Jordan and Newell 2004; Hadjiosif and 
Smith 2015; Grover et al. 2019). In addition, notable is the 
extended duration of the grip-force change. In the CRT task, 
slacking was observed over a 5-s analysis window indicating 
that grip-force changes arose at least 5 s before movement 
initiation, and the slacking was lower in the CRT task com-
pared to the steady task. In contrast, in most previous work, 
the lag between the grip and load forces ranges from a few 
to a few hundred ms (Flanagan and Tresilian 1994; Grover 
et al. 2018). In addition, we note that the higher mean grip 
force for the CRT compared to the steady task was not only 
due to less slacking, but also because participants applied 
greater grip force in that task. This is evident from the inter-
cepts of the linear fits to the grip-force–time data; this data 
show patterns almost identical to those in the mean grip 
force (Fig. 4A; data on intercept not included for brevity).

It is plausible that the increased magnitude and lower 
slack in grip force during the fore period of the CRT tasks 
was a compensatory mechanism to guard against object slip 
due to inadvertent decline in grip force that will arise from 
the reduced stability of the between-digit force coupling. 
This interpretation is compatible with the view that the cen-
tral nervous system (CNS) maintains a constant statistical 
confidence level of grip force to ensure sufficient safety mar-
gin (i.e., the excess grip force beyond the minimum required 

to avoid slip) depending on the level uncertainty in the task 
(Hadjiosif and Smith 2015).

In addition to guarding against slip, the increased grip 
force during the fore period could be aimed at efficient tran-
sition to object movement. The plan for anterior movement 
would be to produce greater force with the thumb than the 
index finger, and vice-versa for posterior movement. The 
plans for up vs. down movement would be to increase grip 
force with a short and a long latency, respectively (Flanagan 
and Tresilian 1994; Hager-Ross et al. 1996). However, irre-
spective of the direction, both digit normal forces eventually 
increase. Since all possible movements in our task require an 
increase in grip force, the CNS may be preparing for these 
movements by increasing the force in advance.

The grip force increase during the fore period can be 
discussed in the context of two competing hypotheses on 
motor planning under uncertainty. The first hypothesis is 
that the CNS prepares multiple competing motor plans when 
upcoming movements are uncertain (Cisek and Kalaska 
2005), and also prepares a set of actions that address any 
common features of these plans, which is called motor 
averaging (Gallivan et al. 2015, 2016). Since the increased 
grip force addresses a common component of the upcoming 
movements in our work, the strategy can be called motor 
averaging. In contrast, the performance optimization hypoth-
esis suggests that the brain prepares a single motor plan that 
is optimized for task performance under movement uncer-
tainty (Dekleva et al. 2016; Haith et al. 2016). Since the 
grip force increases for subsequent movement in any direc-
tion, the increased grip force during the fore period could 
also be interpreted as part of a single optimized motor plan. 
Our experimental paradigm does not allow distinguishing 
between these hypotheses.

Finally, increasing the overall grip force and reducing 
the stability of coupling between digit forces could be a 
strategy for increasing the activity of afferents in the digit 
tips. Activity of the SA afferents increases with grip-force 
intensity (Wheat et al. 2010), and when the contact force cre-
ates more dynamic patterns of skin deformation (Birznieks 
et al. 2001). The so-called inverse models that determine 
the motor commands appropriate for a given action require 
an estimate of the current state of the system. The enhanced 
feedback will provide a better estimate of the current state 
and assist in generating the appropriate motor commands 
to execute the desired object movement. Such enhancement 
may be critical when the movement patterns change sig-
nificantly, such as the transition from static prehension to 
dynamic object movement (Johansson and Flanagan 2009; 
Gale et al. 2021).

We note that the mean grip force did not change when 
expecting vertical movement compared to the steady task 
for the heavier object. This result was unexpected, and it is 
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not compatible with the other results. Further work should 
identify whether higher loads alter the nature of preparation.

Slacking in grip force

We have quantified for the first time small temporal declines 
(around 0.01–0.02 N/s) in the grip force during a natural-
istic, static, pinch grasp of an object. Although there is 
scattered evidence of this phenomenon in classic works 
(Johansson 1991; Burstedt et al. 1997), a systematic quan-
tification seems to be missing. The drop in grip force is an 
example of slacking: the reduction in muscular effort during 
goal-directed behaviors. Slacking has been observed during 
assisted reaching and gait movements during robot-assisted 
therapy (Reinkensmeyer et al. 2009; Secoli et al. 2011) and 
in force tracking tasks with isometric digit forces (Cole and 
Beck 1994; Vaillancourt and Russell 2002; Ambike et al. 
2015a, 2016b, 2016a; Parsa et al. 2016; Smith et al. 2018). 
In both these scenarios, slacking occurs when visual access 
to performance errors is absent. During robot-assisted move-
ments, slacking occurs only when the robot compensates 
for the lower muscular effort to accomplish the task, so that 
kinematic errors are small. During isometric force-tracking 
tasks, slacking occurs after the visual feedback on the force 
is removed, suggesting that visual feedback on action out-
comes assists in maintaining muscular effort and to prevent 
slacking.

In the absence of such feedback, it is possible that slack-
ing occurs continuously (Smith et al. 2018), likely due to the 
nature of tactile feedback driven control of grip. Stable grasp 
is maintained mainly via rapid force corrections driven by 
tactile feedback arising from small slips at the digit–object 
interface (Johansson and Westling 1987). The grip force 
may be slacking, because these corrections are intermittent 
(Edin et al. 1992; Burstedt et al. 1997), suggesting that the 
magnitude of slacking is determined, at least in part, by the 
frequency of tactile-feedback-based corrections.

The nature of the task affected slacking as well. We 
observed that, when future movements are expected, slack-
ing is reduced, perhaps through more frequent feedback-
based corrections. Furthermore, starting from the same 
initial force, the magnitude of slacking would likely be 
lower for a grasping task compared to a pressing task (with 
fingers pressing down isometrically on sensors). Slacking 
while pressing can be high—up to 40% of the initial force 
over 15–20 s, for high initial forces (Ambike et al. 2015b). 
This is unlikely to occur during grasping. The consistent 
tangential deformations of the digit tips due to the object’s 
weight may improve the efficacy of tactile-feedback-based 
corrections of grip force. However, this modality of correc-
tion may be weaker in pressing tasks, where the tangential 
deformations are likely inconsistent. This will lead to greater 

reliance on visual feedback for maintaining pressing force, 
and why slacking increases when it is removed.

We observed consistent slacking only while grasping the 
heavy object, when the grip force was higher. This observa-
tion is compatible with slacking during isometric pressing 
tasks (Vaillancourt and Russell 2002) and may reflect the 
fact that there is a larger range for the force to slack before 
the object slips. This relation also helps explain why slack-
ing was less consistent in our data overall (63% of all tri-
als displayed slacking) compared to previous studies; this 
inconsistency is due to the low grip force used to hold the 
light object. Slacking is likely affected by other factors as 
well and investigating how slacking influences aging-related 
decline in manual dexterity is an important direction for 
future research.

Between‑digit coupling and the stability–dexterity 
tradeoff

The coupling between the thumb and index finger press-
ing forces declined in anticipation of a change from a static 
grasp to a discrete dynamic movement. This decline could 
arise from increased grip force, or it could be an independent 
action in service of dexterity that accompanied and perhaps 
interacted with the increase in grip force.

While holding the heavy object, the grip force was larger, 
and the coupling was weaker. Similarly, higher grip forces 
and lower coupling co-occur for the CRT tasks. Larger digit 
forces are also more irregular due to recruitment of more 
and larger motor units (Kamen et al. 1995; Slifkin and New-
ell 1999). Hence, the weaker between-digit coupling could 
be a byproduct of the increased grip force. In addition, the 
hypothesized greater frequency of grip-force corrections 
during the fore period may also contribute to the weaker 
coupling.

However, there is evidence that the grip-force magnitude 
may be dissociated from the between-digit coupling. When 
grasping the heavy object, coupling was lower while expect-
ing vertical movement compared to the steady task, but the 
grip force did not change across these conditions (Fig. 4A). 
Furthermore, the decoupling was greater while expecting 
horizontal vs. vertical movements, although there was no 
effect of movement direction on mean grip force or slack-
ing, at least for the light object (Figs. 4 and 5). Finally, if the 
coupling depended only on the noise in grip force associated 
with its mean value, we would expect a task type × mass 
interaction for trapping time. We observed main effects 
instead, further indicating that changes in coupling are at 
least partly dissociated from the noise in the pressing forces. 
There was also evidence of weaker coupling between the 
pressing forces of the thumb and the four fingers engaged 
in a prismatic grasp in an earlier study, where the overall 
load, and hence grip force was not expected to change across 
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conditions (Naik and Ambike 2020). More broadly, in iso-
metric multi-finger force production tasks, the between-fin-
ger coordination weakens prior to a quick volitional increase 
in the total force, even with static values of the current force, 
showing clearly that dissociation between force magnitude 
and coordination is possible (Olafsdottir et al. 2005; Togo 
and Imamizu 2016; Tillman and Ambike 2018a, 2020).

There may be a virtuous circle of causes and effects at 
play in which force magnitude (and slacking) and coupling 
interact. The grip-force magnitude may have increased for 
reasons discussed earlier that are independent of the weaker 
coupling. However, the increased force may also protect 
from the inadvertent declines in grip force due to the weaker 
coupling. The coupling was weakened to enhance dexter-
ity, independent of the effects of increased force. However, 
some of the reduced coupling may also arise from higher 
variability due to higher forces.

At the physiological level, the weaker between-digit cou-
pling may occur due to changes in central and peripheral 
processes. The decoupling may be a downstream, periph-
eral consequence of central changes, such as the well-known 
readiness potentials (Herrmann et al. 2008). Other peripheral 
changes may also contribute. Muscle tone increases (Sher-
rington 1906) and sustained augmentation in the Hoffman 
and tendon-jerk reflexes has been observed for up to 4 s 
before movement during the fore period (Scheirs and Brunia 
1985). These changes could have led to more irregular digit 
forces, and hence weaker inter-digit coupling.

We note that our results are similar to previous work by 
Latash and colleagues. The so-called anticipatory synergy 
adjustment (ASA) describes changes in digit force coordina-
tion prior to moving a grasped object (Kim et al. 2006; Shim 
et al. 2006; Latash et al. 2010; Jo et al. 2015). However, a 
key difference between ASAs and this paper is the presence 
of uncertainty. ASAs were observed in self triggered object 
movements, where the direction and timing of the move-
ment are known to the participant. Here, we report changes 
in coordination when information about the direction and 
timing about the movement is unknown. Our results may be 
viewed as extending this prior work on anticipatory control 
of grip via altered coordination.

We argued that the reduced stability of coupling facili-
tates the transition from static to dynamic object movement. 
Although participants reduced the stability of coupling 
for the CRT task, we failed to see its benefits in terms of 
increased throughput across subjects. The lack of effect may 
be because the participants in this study were healthy, young 
adults, and there is a ceiling effect on the benefits of stabil-
ity reduction on movement efficacy. Furthermore, different 
participants may interpret our instruction to move as quickly 
and accurately as possible by prioritizing speed and accuracy 
differently. We used throughput as a measure of dexterity to 
account for this phenomenon (MacKenzie 2015), but this 

measure does not seem immune to ceiling effects either. We 
also considered correlations between the coupling change 
and reaction time or accuracy separately but did not find 
consistent correlations.

Limitations

The main limitation of this study was that we restricted our 
analysis to grip forces and digit pressing forces. A soft-con-
tact model is a better description of the digit-object contact 
dynamics (Singh and Ambike 2015, 2017), with the dig-
its exerting forces in the tangential direction as well as a 
free moment on the object. Analysis of coupling between 
other pair of forces and moments will provide a more com-
plete picture of stability modulation of the precision grasp. 
Finally, our participant pool was homogeneous. It is likely 
that the gains in dexterity from stability reduction will 
become apparent in other populations (e.g., older adults), 
and provide a better picture of this tradeoff in prehensile 
behaviors.

Conclusions

We have demonstrated that young healthy adults change 
their grip-force characteristics during static grasp in antici-
pation of quick volitional movements. The grip force 
increased and was maintained for at least 5 s prior to move-
ment. Simultaneously, the coupling between the digit forces 
weakened. These changes were sensitive to task-specific fac-
tors, namely, mass of the object and the direction of the 
expected movement. We did not observe a relation between 
reduced coupling and the efficacy of the object movement 
or dexterity, likely due to the homogeneity of our partici-
pant pool. Nevertheless, the expectation of movement had a 
prolonged effect on the current grasp, and this phenomenon 
may have significant implications for understanding the loss 
of dexterity with age.

Data availability statement  The data sets generated during and/or ana-
lyzed during the current study are available from the corresponding 
author on reasonable request.

Declarations 

Conflict of interest  The authors declare that they have no conflict of 
interest.



Experimental Brain Research	

1 3

References

Abarbanel H, Brown R, Sidorowich J, Tsimring L (1993) The analy-
sis of observed chaotic data in physical systems. Rev Mod Phys 
65:1331–1392. https://​doi.​org/​10.​1103/​RevMo​dPhys.​65.​1331

Ambike S, Zatsiorsky VM, Latash ML (2015a) Processes underly-
ing unintentional finger-force changes in the absence of visual 
feedback. Exp Brain Res 233:711–721. https://​doi.​org/​10.​1007/​
s00221-​014-​4148-x

Ambike S, Zhou T, Zatsiorsky VM, Latash ML (2015b) Moving a 
hand-held object: reconstruction of referent coordinate and appar-
ent stiffness trajectories. Neuroscience 298:336–356. https://​doi.​
org/​10.​1016/j.​neuro​scien​ce.​2015.​04.​023

Ambike S, Mattos D, Zatsiorsky VM, Latash ML (2016a) The nature 
of constant and cyclic force production: unintentional force-drift 
characteristics. Exp Brain Res 234:197–208. https://​doi.​org/​10.​
1007/​s00221-​015-​4453-z

Ambike S, Mattos D, Zatsiorsky VM, Latash ML (2016b) Unsteady 
steady-states: central causes of unintentional force drift. Exp Brain 
Res 234:3597–3611. https://​doi.​org/​10.​1007/​s00221-​016-​4757-7

Birznieks I, Jenmalm P, Goodwin AW, Johansson RS (2001) Encod-
ing of direction of fingertip forces by human tactile afferents. J 
Neurosci 21:8222–8237

Blank R, Breitenbach A, Nitschke M, Heizer W, Letzgus S, Hermsdor-
fer J (2001) Human development of grip force modulation relat-
ing to cyclic movement-induced inertial loads. Exp Brain Res 
138:193–199. https://​doi.​org/​10.​1007/​s0022​10000​622

Burstedt MK, Edin BB, Johansson RS (1997) Coordination of fingertip 
forces during human manipulation can emerge from independent 
neural networks controlling each engaged digit. Exp Brain Res 
117:67–79. https://​doi.​org/​10.​1007/​s0022​10050​200

Cisek P, Kalaska JF (2005) Neural correlates of reaching decisions in 
dorsal premotor cortex: specification of multiple direction choices 
and final selection of action. Neuron 45:801–814. https://​doi.​org/​
10.​1016/j.​neuron.​2005.​01.​027

Codol O, Holland PJ, Manohar SG, Galea JM (2020) Reward-based 
improvements in motor control are driven by multiple error-
reducing mechanisms. J Neurosci 40:3604–3620. https://​doi.​org/​
10.​1523/​JNEUR​OSCI.​2646-​19.​2020

Cole KJ, Beck CL (1994) The stability of precision grip force in older 
adults. J Mot Behav 26:171–177. https://​doi.​org/​10.​1080/​00222​
895.​1994.​99416​71

Cole KJ, Rotella DL (2001) Old age affects fingertip forces when 
restraining an unpredictably loaded object. Exp Brain Res 
136:535–542. https://​doi.​org/​10.​1007/​s0022​10000​613

Cole KJ, Rotella DL (2002) Old age impairs the use of arbitrary visual 
cues for predictive control of fingertip forces during grasp. Exp 
Brain Res 143:35–41. https://​doi.​org/​10.​1007/​s00221-​001-​0965-9

Cole KJ, Cook KM, Hynes SM, Darling WG (2010) Slowing of dexter-
ous manipulation in old age: force and kinematic findings from 
the “nut-and-rod” task. Exp Brain Res 201:239–247. https://​doi.​
org/​10.​1007/​s00221-​009-​2030-z

Cui C, Kulkarni A, Rietdyk S, Barbieri FA, Ambike S (2020) Syner-
gies in the ground reaction forces and moments during double 
support in curb negotiation in young and older adults. J Biomech 
106:109837. https://​doi.​org/​10.​1016/j.​jbiom​ech.​2020.​109837

Danion F (2004) How dependent are grip force and arm actions during 
holding an object? Exp Brain Res 158:109–119. https://​doi.​org/​
10.​1007/​s00221-​004-​1882-5

Danion F, Descoins M, Bootsma RJ (2007) Aging affects the predictive 
control of grip force during object manipulation. Exp Brain Res 
180:123–137. https://​doi.​org/​10.​1007/​s00221-​006-​0846-3

Degani AM, Danna-Dos-Santos A, Latash ML (2007) Postural prepa-
ration to making a step: is there a “motor program” for postural 

preparation? J Appl Biomech 23:261–274. https://​doi.​org/​10.​
1123/​jab.​23.4.​261

Dekleva BM, Ramkumar P, Wanda PA, Kording KP, Miller LE (2016) 
Uncertainty leads to persistent effects on reach representations in 
dorsal premotor cortex. Elife. https://​doi.​org/​10.​7554/​eLife.​14316

Dickinson MH, Farley CT, Full RJ, Koehl MA, Kram R, Lehman S 
(2000) How animals move: an integrative view. Science 288:100–
106. https://​doi.​org/​10.​1126/​scien​ce.​288.​5463.​100

Edin BB, Westling G, Johansson RS (1992) Independent control of 
human finger-tip forces at individual digits during precision lift-
ing. J Physiol 450:547–564. https://​doi.​org/​10.​1113/​jphys​iol.​1992.​
sp019​142

Flanagan JR, Tresilian JR (1994) Grip-load force coupling: a general 
control strategy for transporting objects. J Exp Psychol Hum Per-
cept Perform 20:944–957. https://​doi.​org/​10.​1037//​0096-​1523.​
20.5.​944

Flanagan JR, Wing AM (1993) Modulation of grip force with load 
force during point-to-point arm movements. Exp Brain Res 
95:131–143

Flanagan JR, Wing AM (1995) The stability of precision grip forces 
during cyclic arm movements with a hand-held load. Exp Brain 
Res 105:455–464. https://​doi.​org/​10.​1007/​bf002​33045

Flanagan JR, Tresilian J, Wing AM (1993) Coupling of grip force and 
load force during arm movements with grasped objects. Neurosci 
Lett 152:53–56. https://​doi.​org/​10.​1016/​0304-​3940(93)​90481-y

Fu Q, Zhang W, Santello M (2010) Anticipatory planning and control 
of grasp positions and forces for dexterous two-digit manipula-
tion. J Neurosci 30:9117–9126. https://​doi.​org/​10.​1523/​JNEUR​
OSCI.​4159-​09.​2010

Gale DJ, Areshenkoff CN, Honda C, Johnsrude IS, Flanagan JR, Gal-
livan JP (2021) Motor planning modulates neural activity pat-
terns in early human auditory cortex. Cereb Cortex 31:2952–2967. 
https://​doi.​org/​10.​1093/​cercor/​bhaa4​03

Gallivan JP, Barton KS, Chapman CS, Wolpert DM, Flanagan JR 
(2015) Action plan co-optimization reveals the parallel encoding 
of competing reach movements. Nat Commun 6:7428. https://​doi.​
org/​10.​1038/​ncomm​s8428

Gallivan JP, Bowman NA, Chapman CS, Wolpert DM, Flanagan 
JR (2016) The sequential encoding of competing action goals 
involves dynamic restructuring of motor plans in working mem-
ory. J Neurophysiol 115:3113–3122. https://​doi.​org/​10.​1152/​jn.​
00951.​2015

Gao F, Latash ML, Zatsiorsky VM (2005) Internal forces during object 
manipulation. Exp Brain Res 165:69–83. https://​doi.​org/​10.​1007/​
s00221-​005-​2282-1

Grover F, Lamb M, Bonnette S, Silva PL, Lorenz T, Riley MA (2018) 
Intermittent coupling between grip force and load force during 
oscillations of a hand-held object. Exp Brain Res 236:2531–2544. 
https://​doi.​org/​10.​1007/​s00221-​018-​5315-2

Grover FM, Nalepka P, Silva PL, Lorenz T, Riley MA (2019) Variable 
and intermittent grip force control in response to differing load 
force dynamics. Exp Brain Res 237:687–703. https://​doi.​org/​10.​
1007/​s00221-​018-​5451-8

Grover FM, Schwab SM, Riley MA (2020) Grip force-load force cou-
pling is influenced by altered visual feedback about object kin-
ematics. J Mot Behav 52:612–624. https://​doi.​org/​10.​1080/​00222​
895.​2019.​16649​77

Grover FM, Riehm C, Silva PL, Lorenz T, Riley MA (2021) Grip 
force anticipation of nonlinear, underactuated load force. J Neu-
rophysiol 125:1647–1662. https://​doi.​org/​10.​1152/​jn.​00616.​2020

Hadjiosif AM, Smith MA (2015) Flexible control of safety margins for 
action based on environmental variability. J Neurosci 35:9106–
9121. https://​doi.​org/​10.​1523/​JNEUR​OSCI.​1883-​14.​2015

Hager-Ross C, Cole KJ, Johansson RS (1996) Grip-force responses 
to unanticipated object loading: load direction reveals 

https://doi.org/10.1103/RevModPhys.65.1331
https://doi.org/10.1007/s00221-014-4148-x
https://doi.org/10.1007/s00221-014-4148-x
https://doi.org/10.1016/j.neuroscience.2015.04.023
https://doi.org/10.1016/j.neuroscience.2015.04.023
https://doi.org/10.1007/s00221-015-4453-z
https://doi.org/10.1007/s00221-015-4453-z
https://doi.org/10.1007/s00221-016-4757-7
https://doi.org/10.1007/s002210000622
https://doi.org/10.1007/s002210050200
https://doi.org/10.1016/j.neuron.2005.01.027
https://doi.org/10.1016/j.neuron.2005.01.027
https://doi.org/10.1523/JNEUROSCI.2646-19.2020
https://doi.org/10.1523/JNEUROSCI.2646-19.2020
https://doi.org/10.1080/00222895.1994.9941671
https://doi.org/10.1080/00222895.1994.9941671
https://doi.org/10.1007/s002210000613
https://doi.org/10.1007/s00221-001-0965-9
https://doi.org/10.1007/s00221-009-2030-z
https://doi.org/10.1007/s00221-009-2030-z
https://doi.org/10.1016/j.jbiomech.2020.109837
https://doi.org/10.1007/s00221-004-1882-5
https://doi.org/10.1007/s00221-004-1882-5
https://doi.org/10.1007/s00221-006-0846-3
https://doi.org/10.1123/jab.23.4.261
https://doi.org/10.1123/jab.23.4.261
https://doi.org/10.7554/eLife.14316
https://doi.org/10.1126/science.288.5463.100
https://doi.org/10.1113/jphysiol.1992.sp019142
https://doi.org/10.1113/jphysiol.1992.sp019142
https://doi.org/10.1037//0096-1523.20.5.944
https://doi.org/10.1037//0096-1523.20.5.944
https://doi.org/10.1007/bf00233045
https://doi.org/10.1016/0304-3940(93)90481-y
https://doi.org/10.1523/JNEUROSCI.4159-09.2010
https://doi.org/10.1523/JNEUROSCI.4159-09.2010
https://doi.org/10.1093/cercor/bhaa403
https://doi.org/10.1038/ncomms8428
https://doi.org/10.1038/ncomms8428
https://doi.org/10.1152/jn.00951.2015
https://doi.org/10.1152/jn.00951.2015
https://doi.org/10.1007/s00221-005-2282-1
https://doi.org/10.1007/s00221-005-2282-1
https://doi.org/10.1007/s00221-018-5315-2
https://doi.org/10.1007/s00221-018-5451-8
https://doi.org/10.1007/s00221-018-5451-8
https://doi.org/10.1080/00222895.2019.1664977
https://doi.org/10.1080/00222895.2019.1664977
https://doi.org/10.1152/jn.00616.2020
https://doi.org/10.1523/JNEUROSCI.1883-14.2015


	 Experimental Brain Research

1 3

body- and gravity-referenced intrinsic task variables. Exp Brain 
Res 110:142–150. https://​doi.​org/​10.​1007/​BF002​41383

Haith AM, Pakpoor J, Krakauer JW (2016) Independence of movement 
preparation and movement initiation. J Neurosci 36:3007–3015. 
https://​doi.​org/​10.​1523/​JNEUR​OSCI.​3245-​15.​2016

Hasan Z (2005) The human motor control system’s response to 
mechanical perturbation: should it, can it, and does it ensure sta-
bility? J Mot Behav 37:484–493. https://​doi.​org/​10.​3200/​JMBR.​
37.6.​484-​493

Hasson CJ, Van Emmerik RE, Caldwell GE, Haddad JM, Gagnon JL, 
Hamill J (2008) Influence of embedding parameters and noise in 
center of pressure recurrence quantification analysis. Gait Posture 
27:416–422. https://​doi.​org/​10.​1016/j.​gaitp​ost.​2007.​05.​010

Hermsdorfer J, Blankenfeld H (2008) Grip force control of predictable 
external loads. Exp Brain Res 185:719–728. https://​doi.​org/​10.​
1007/​s00221-​007-​1195-6

Herrmann CS, Pauen M, Min BK, Busch NA, Rieger JW (2008) Analy-
sis of a choice-reaction task yields a new interpretation of Libet’s 
experiments. Int J Psychophysiol 67:151–157. https://​doi.​org/​10.​
1016/j.​ijpsy​cho.​2007.​10.​013

Holtzer R, Wang C, Verghese J (2012) The relationship between atten-
tion and gait in aging: facts and fallacies. Mot Control 16:64–80. 
https://​doi.​org/​10.​1123/​mcj.​16.1.​64

Huang HJ, Ahmed AA (2011) Tradeoff between stability and maneu-
verability during whole-body movements. PLoS ONE. https://​doi.​
org/​10.​1371/​journ​al.​pone.​00218​15

Jo HJ, Park J, Lewis MM, Huang X, Latash ML (2015) Prehen-
sion synergies and hand function in early-stage Parkinson’s 
disease. Exp Brain Res 233:425–440. https://​doi.​org/​10.​1007/​
s00221-​014-​4130-7

Johansson RS (1991) How Is Grasping Modified by Somatosensory 
Input? In: Humphrey DR, Freund H-J (eds) Motor Control: Con-
cepts and Issues. Wiley, Hoboken, pp 331–355

Johansson RS, Flanagan JR (2009) Coding and use of tactile signals 
from the fingertips in object manipulation tasks. Nat Rev Neurosci 
10:345–359. https://​doi.​org/​10.​1038/​nrn26​21

Johansson RS, Westling G (1984) Roles of glabrous skin receptors 
and sensorimotor memory in automatic control of precision grip 
when lifting rougher or more slippery objects. Exp Brain Res 
56:550–564

Johansson RS, Westling G (1987) Signals in tactile afferents from the 
fingers eliciting adaptive motor responses during precision grip. 
Exp Brain Res 66:141–154

Johansson RS, Westling G (1988a) Coordinated isometric muscle com-
mands adequately and erroneously programmed for the weight 
during lifting task with precision grip. Exp Brain Res 71:59–71. 
https://​doi.​org/​10.​1007/​bf002​47522

Johansson RS, Westling G (1988b) Programmed and triggered actions 
to rapid load changes during precision grip. Exp Brain Res 71:72–
86. https://​doi.​org/​10.​1007/​BF002​47523

Jordan K, Newell KM (2004) Task goal and grip force dynam-
ics. Exp Brain Res 156:451–457. https://​doi.​org/​10.​1007/​
s00221-​003-​1806-9

Kamen G, Sison SV, Du CC (1985) Patten C (1995) Motor unit dis-
charge behavior in older adults during maximal-effort contrac-
tions. J Appl Physiol 79:1908–1913. https://​doi.​org/​10.​1152/​jappl.​
1995.​79.6.​1908

Kim SW, Shim JK, Zatsiorsky VM, Latash ML (2006) Anticipatory 
adjustments of multi-finger synergies in preparation for self-trig-
gered perturbations. Exp Brain Res 174:604–612. https://​doi.​org/​
10.​1007/​s00221-​006-​0505-8

Krishnan V, Aruin AS, Latash ML (2011) Two stages and three com-
ponents of the postural preparation to action. Exp Brain Res 
212:47–63. https://​doi.​org/​10.​1007/​s00221-​011-​2694-z

Krishnan V, Latash ML, Aruin AS (2012) Early and late components 
of feed-forward postural adjustments to predictable perturbations. 

Clin Neurophysiol 123:1016–1026. https://​doi.​org/​10.​1016/j.​
clinph.​2011.​09.​014

Kuling IA, Salmen F, Lefevre P (2019) Grip force preparation for col-
lisions. Exp Brain Res 237:2585–2594. https://​doi.​org/​10.​1007/​
s00221-​019-​05606-y

Latash ML, Friedman J, Kim SW, Feldman AG, Zatsiorsky VM 
(2010) Prehension synergies and control with referent hand con-
figurations. Exp Brain Res 202:213–229. https://​doi.​org/​10.​1007/​
s00221-​009-​2128-3

MacKenzie IS (2015) Fitts’ throughput and the remarkable case of 
touch-based target selection. In: Kurosu M (ed) Human-computer 
interaction: interaction technologies. HCI 2015. Lecture notes in 
computer science. Springer, Cham

Marwan N, Webber CL (2015) Mathematical and Computational Foun-
dations of Recurrence Quantifications. In: Marwan N (ed) Webber 
CL. Recurrence Quantification Analysis. Theory and Best Prac-
tices. Springer International Publishing, Switzerland

Marwan N, Wessel N, Meyerfeldt U, Schirdewan A, Kurths J (2002) 
Recurrence-plot-based measures of complexity and their applica-
tion to heart-rate-variability data. Phys Rev E Stat Nonlin Soft 
Matter Phys 66:026702. https://​doi.​org/​10.​1103/​PhysR​evE.​66.​
026702

Marwan N, Romano C, M., Thiel M, Kurths J, (2007) Recurrence 
plots for the analysis of complex systems. Phys Rep 438:237–329. 
https://​doi.​org/​10.​1016/j.​physr​ep.​2006.​11.​001

Naik A, Ambike S (2020) The coordination between digit forces is 
altered by anticipated changes in prehensile movement pat-
terns. Exp Brain Res 238:1145–1156. https://​doi.​org/​10.​1007/​
s00221-​020-​05783-1

Nowak DA, Glasauer S, Hermsdorfer J (2013) Force control in object 
manipulation–a model for the study of sensorimotor control strate-
gies. Neurosci Biobehav Rev 37:1578–1586. https://​doi.​org/​10.​
1016/j.​neubi​orev.​2013.​06.​003

Olafsdottir H, Yoshida N, Zatsiorsky VM, Latash ML (2005) Antici-
patory covariation of finger forces during self-paced and reaction 
time force production. Neurosci Lett 381:92–96. https://​doi.​org/​
10.​1016/j.​neulet.​2005.​02.​003

Parsa B, O’Shea DJ, Zatsiorsky VM, Latash ML (2016) On the nature 
of unintentional action: a study of force/moment drifts during 
multifinger tasks. J Neurophysiol 116:698–708. https://​doi.​org/​
10.​1152/​jn.​00180.​2016

Pilon JF, De Serres SJ, Feldman AG (2007) Threshold position control 
of arm movement with anticipatory increase in grip force. Exp 
Brain Res 181:49–67. https://​doi.​org/​10.​1007/​s00221-​007-​0901-8

Pinheiro JC, Bates DM (2000) Linear Mixed-Effects Models: Basic 
Concepts and Examples. Mixed-Effects Models in S and S-PLUS 
Statistics and Computing. Springer, New York

Reinkensmeyer DJ, Akoner O, Ferris DP, Gordon KE (2009) Slacking 
by the human motor system: computational models and implica-
tions for robotic orthoses. Annu Int Conf IEEE Eng Med Biol Soc 
2009:2129–2132. https://​doi.​org/​10.​1109/​IEMBS.​2009.​53339​78

Riley MA, Turvey MT (2002) Variability of determinism in motor 
behavior. J Mot Behav 34:99–125. https://​doi.​org/​10.​1080/​00222​
89020​96019​34

Santisteban L, Teremetz M, Bleton JP, Baron JC, Maier MA, Lind-
berg PG (2016) Upper limb outcome measures used in stroke 
rehabilitation studies: a systematic literature review. PLoS ONE 
11:e0154792. https://​doi.​org/​10.​1371/​journ​al.​pone.​01547​92

Scheirs J, Brunia C (1985) Achilles tendon reflexes and surface EMG 
activity during anticipation of a significant event and preparation 
for a voluntary movement. J Motor Behav 17:96–109

Secoli R, Milot MH, Rosati G, Reinkensmeyer DJ (2011) Effect of 
visual distraction and auditory feedback on patient effort during 
robot-assisted movement training after stroke. J Neuroeng Rehabil 
8:21. https://​doi.​org/​10.​1186/​1743-​0003-8-​21

https://doi.org/10.1007/BF00241383
https://doi.org/10.1523/JNEUROSCI.3245-15.2016
https://doi.org/10.3200/JMBR.37.6.484-493
https://doi.org/10.3200/JMBR.37.6.484-493
https://doi.org/10.1016/j.gaitpost.2007.05.010
https://doi.org/10.1007/s00221-007-1195-6
https://doi.org/10.1007/s00221-007-1195-6
https://doi.org/10.1016/j.ijpsycho.2007.10.013
https://doi.org/10.1016/j.ijpsycho.2007.10.013
https://doi.org/10.1123/mcj.16.1.64
https://doi.org/10.1371/journal.pone.0021815
https://doi.org/10.1371/journal.pone.0021815
https://doi.org/10.1007/s00221-014-4130-7
https://doi.org/10.1007/s00221-014-4130-7
https://doi.org/10.1038/nrn2621
https://doi.org/10.1007/bf00247522
https://doi.org/10.1007/BF00247523
https://doi.org/10.1007/s00221-003-1806-9
https://doi.org/10.1007/s00221-003-1806-9
https://doi.org/10.1152/jappl.1995.79.6.1908
https://doi.org/10.1152/jappl.1995.79.6.1908
https://doi.org/10.1007/s00221-006-0505-8
https://doi.org/10.1007/s00221-006-0505-8
https://doi.org/10.1007/s00221-011-2694-z
https://doi.org/10.1016/j.clinph.2011.09.014
https://doi.org/10.1016/j.clinph.2011.09.014
https://doi.org/10.1007/s00221-019-05606-y
https://doi.org/10.1007/s00221-019-05606-y
https://doi.org/10.1007/s00221-009-2128-3
https://doi.org/10.1007/s00221-009-2128-3
https://doi.org/10.1103/PhysRevE.66.026702
https://doi.org/10.1103/PhysRevE.66.026702
https://doi.org/10.1016/j.physrep.2006.11.001
https://doi.org/10.1007/s00221-020-05783-1
https://doi.org/10.1007/s00221-020-05783-1
https://doi.org/10.1016/j.neubiorev.2013.06.003
https://doi.org/10.1016/j.neubiorev.2013.06.003
https://doi.org/10.1016/j.neulet.2005.02.003
https://doi.org/10.1016/j.neulet.2005.02.003
https://doi.org/10.1152/jn.00180.2016
https://doi.org/10.1152/jn.00180.2016
https://doi.org/10.1007/s00221-007-0901-8
https://doi.org/10.1109/IEMBS.2009.5333978
https://doi.org/10.1080/00222890209601934
https://doi.org/10.1080/00222890209601934
https://doi.org/10.1371/journal.pone.0154792
https://doi.org/10.1186/1743-0003-8-21


Experimental Brain Research	

1 3

Sherrington CS (1906) The Integrative Action of the Nervous System. 
Yale University Press, New Haven

Shim JK, Park J, Zatsiorsky VM, Latash ML (2006) Adjustments of 
prehension synergies in response to self-triggered and experi-
menter-triggered load and torque perturbations. Exp Brain Res 
175:641–653. https://​doi.​org/​10.​1007/​s00221-​006-​0583-7

Singh T, Ambike S (2015) A soft-contact and wrench based approach 
to study grasp planning and execution. J Biomech 48:3961–3967. 
https://​doi.​org/​10.​1016/j.​jbiom​ech.​2015.​09.​019

Singh T, Ambike S (2017) A soft-contact model for computing safety 
margins in human prehension. Human Mov Sci 55:307–314. 
https://​doi.​org/​10.​1016/j.​humov.​2017.​03.​006

Slifkin AB, Newell KM (1999) Noise, information transmission, and 
force variability. J Exp Psychol Hum Percept Perform 25:837–
851. https://​doi.​org/​10.​1037//​0096-​1523.​25.3.​837

Smith BW, Rowe JB, Reinkensmeyer DJ (2018) Real-time slacking 
as a default mode of grip force control: implications for force 
minimization and personal grip force variation. J Neurophysiol 
120:2107–2120. https://​doi.​org/​10.​1152/​jn.​00700.​2017

Taylor Tavares AL, Jefferis GS, Koop M, Hill BC, Hastie T, Heit G, 
Bronte-Stewart HM (2005) Quantitative measurements of alter-
nating finger tapping in Parkinson’s disease correlate with UPDRS 
motor disability and reveal the improvement in fine motor con-
trol from medication and deep brain stimulation. Mov Disord 
20:1286–1298. https://​doi.​org/​10.​1002/​mds.​20556

Tillman M, Ambike S (2018a) Cue-induced changes in the stability of 
finger force-production tasks revealed by the uncontrolled mani-
fold analysis. J Neurophysiol 119:21–32. https://​doi.​org/​10.​1152/​
jn.​00519.​2017

Tillman M, Ambike S (2018b) Expectation of movement generates 
contrasting changes in multifinger synergies in young and older 
adults. Exp Brain Res 236:2765–2780. https://​doi.​org/​10.​1007/​
s00221-​018-​5333-0

Tillman M, Ambike S (2020) The influence of recent actions and 
anticipated actions on the stability of finger forces during a 

tracking task. Mot Control 24:365–382. https://​doi.​org/​10.​1123/​
mc.​2019-​0124

Togo S, Imamizu H (2016) Anticipatory synergy adjustments reflect 
individual performance of feedforward force control. Neurosci 
Lett 632:192–198. https://​doi.​org/​10.​1016/j.​neulet.​2016.​08.​032

Vaillancourt DE, Russell DM (2002) Temporal capacity of short-term 
visuomotor memory in continuous force production. Exp Brain 
Res 145:275–285. https://​doi.​org/​10.​1007/​s00221-​002-​1081-1

Webber CL Jr, Zbilut JP (1994) Dynamical assessment of physiological 
systems and states using recurrence plot strategies. J Appl Physiol 
76:965–973. https://​doi.​org/​10.​1152/​jappl.​1994.​76.2.​965

Westling G, Johansson RS (1984) Factors influencing the force control 
during precision grip. Exp Brain Res 53:277–284. https://​doi.​org/​
10.​1007/​BF002​38156

Wheat HE, Salo LM, Goodwin AW (2010) Cutaneous afferents from 
the monkeys fingers: responses to tangential and normal forces. 
J Neurophysiol 103:950–961. https://​doi.​org/​10.​1152/​jn.​00502.​
2009

Wolpert DM, Flanagan JR (2001) Motor prediction. Curr Biol 
11:R729-732. https://​doi.​org/​10.​1016/​s0960-​9822(01)​00432-8

Zbilut JP, Thomasson N, Webber CL (2002) Recurrence quantifica-
tion analysis as a tool for nonlinear exploration of nonstationary 
cardiac signals. Med Eng Phys 24:53–60

Publisher's Note  Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

Springer Nature or its licensor holds exclusive rights to this article under 
a publishing agreement with the author(s) or other rightsholder(s); 
author self-archiving of the accepted manuscript version of this article 
is solely governed by the terms of such publishing agreement and 
applicable law.

https://doi.org/10.1007/s00221-006-0583-7
https://doi.org/10.1016/j.jbiomech.2015.09.019
https://doi.org/10.1016/j.humov.2017.03.006
https://doi.org/10.1037//0096-1523.25.3.837
https://doi.org/10.1152/jn.00700.2017
https://doi.org/10.1002/mds.20556
https://doi.org/10.1152/jn.00519.2017
https://doi.org/10.1152/jn.00519.2017
https://doi.org/10.1007/s00221-018-5333-0
https://doi.org/10.1007/s00221-018-5333-0
https://doi.org/10.1123/mc.2019-0124
https://doi.org/10.1123/mc.2019-0124
https://doi.org/10.1016/j.neulet.2016.08.032
https://doi.org/10.1007/s00221-002-1081-1
https://doi.org/10.1152/jappl.1994.76.2.965
https://doi.org/10.1007/BF00238156
https://doi.org/10.1007/BF00238156
https://doi.org/10.1152/jn.00502.2009
https://doi.org/10.1152/jn.00502.2009
https://doi.org/10.1016/s0960-9822(01)00432-8

	Expectation of volitional arm movement has prolonged effects on the grip force exerted on a pinched object
	Abstract
	Introduction
	Methods
	Participants
	Equipment
	Experimental setup
	Experimental procedure
	Data analysis
	Basic performance measures
	Grip-force characteristics
	Analysis of stability of coupling between thumb and index finger normal forces (cross-recurrence quantification analysis)
	Dexterity analysis
	Statistics

	Results
	Basic performance measures
	Grip-force characteristics
	Stability of coupling between thumb and index finger normal forces (cross-recurrence quantification analysis)
	Stability–dexterity tradeoff

	Discussion
	Anticipatory control of digit forces
	Slacking in grip force
	Between-digit coupling and the stability–dexterity tradeoff
	Limitations

	Conclusions
	References




